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ABSTRACT

Scientific Machine Learning (SML) has emerged as a powerful new tool for enhancing the
numerical simulation of physics-based nonlinear problems. Despite the remarkable
advancements achieved over the past decade, several unresolved questions and challenges
persist, particularly in the context of real-world applications and industrial deployment [2]. This
mini-symposium is dedicated to exploring the application of SML to Multiphysics problems
encountered in industrial settings. A notable area of interest is fluid-structure interaction (e.g.
[1]), but the symposium welcomes contributions from both academic and industrial researchers
on all types of coupling and physical phenomena arising from engineering, environmental or
health issues. Key topics of interest include methodology, data and experimental design,
coupling methods, monolithic and partitioned approaches, domain decomposition,
preconditioning, convergence and fixed-point acceleration, accuracy, stability, active learning,
evolution problems, parametric problems for design optimization, model confidence
level/uncertainty, and software environments.
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